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Motivation and Research Status: The Characteristics of HR-LVLMs and the Limitations of Existing Methods
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Our Solution: Global Compression Commander (GlobalCom?) - “Global-to-Local” Guided Compression Philosophy
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Experimental Results: Optimal Performance-Efficiency Tradeoffs Ablation Studies
Method GQA VizWiz SQA MMB POPE VQAT MME MM-Vet Average Method SQAPOPEVQAT MME MM-Vet Avg.
Upper Bound, 2880 Tokens Upper Bound, 2880 Tokens
LLaVA-NeXT-7B 64.2 57.6 70.1 67.4 86.5 64.9 1519.0 43.9 100.0%  Vanilla 70.1 86.5 64.9 1519.0 43.9 100.0%
Ratio=50%, Retain up to 1440 Tokens Ratio=25%, Retain up to 720 Tokens
FastV (gccvaa) 61.8 54.9 69.0 67.4 85.5 59.0 1490.3 37.6 95.5% Uniform 67.1 87.2 60.1 14546 37.8 94.2%
PDrop (cver25) 63.7 57.9 69.2 67.7 87.9 61.6 1499.6 37.5 97.4%  Niopk 67.4 873 59.8 14715 357 94.5%
Sparse VLM (1cur2s) 63.7 57.2 68.3 67.6 87.9 60.5 1507.2 36.8 96.8% Softmax (max) 67.3 87.2 60.3 1462.6 384 94.7%
Faster VLM (2024.12) 63.4 56.4 69.1 67.4 87.7 58.9 1533.3 39.6 97.3%  Softmax (sum) 67.6 87.4 60.6 1473.3 39.6 95.6%
2
Glo.balC0m . 63.9 56.5 68.5 67.6 88.1 62.3 1552.9 40.4 98.5% Method SQA POPE VQAT MME MM-Vet Avg,
Ratio=25%, Retain up to 720 Tokens Tirer Dol 2550 Tokers
PDrop (cveres) 60.3 568 685  65.6 85.5 59.8 14737 31.1 933%  Rario=25% Retain up fo 720 Tokens
Sparse VLM (1cmr2s) 38.9 56.0 67.5 65.6 85.0 58.3 1465.9 38.5 94.6%  Local only 67.6 87.4 60.6 14733 396 95.6%
FasterVLM (2024.12) 61.3 55.4 67.1 66.0 87.2 58.8 1454.6 37.8 94.8%  Global only 679 86.4 60.2 1488.5 37.8 94.7%
GlobalCom? 61.5 55.7 68.1 65.9 87.6 60.9 1493.5 40.7 96.7%  Global and Local 68.1 87.6 60.9 1493.5 40.7 96.7%
Ratio=10%, Retain up to 288 Tokens
FastV (eccv2s) 55.9 53.1 68.1 616 71.7 55.7 12829 is %) g85.49% Method T;gég" SiMem‘"‘y”hm“ghP“tTP erformancef
PDrop (cverzs) 54.5 54.4 67.7  59.0 77.6 544 1262.1 24.0 84.3% gfrﬂfffaBound’ s - _—
Sparse VLM (1cmr25) 56.3 521 68.5 60.0 80.1 53.9 1334.2 26.5 86.1% Ratio=10% Retain‘ 7 288.T0kens :
PruMerge (1ccvzs) 53.6 540 664 613 60.8 50.6  1149.3 25.5 80.6%  SparseVLM S 242052 5.9060 95 7%
FasterVLM (2024.12)  56.9 52.6 66.5  61.6 83.6 56.5 13592 35.0 89.9%  FaserVIM 3.8ussw 13.6umim 6T s 29,50
GlobalCom® 57.1 54.6 68.7 61.8 83.8 58.4 1365.5 36.4 91.6%  GlobalCom? 3.8(%9%) 13.9400% 6.7 a8x) 90.8%
Token Compression Visualizations: Better Information Preservation Broader Applicability of GlobalCom?
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