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computation with minimal quality loss, while low-similarity tokens may
degrade generation results if cached.

Difference in Error Propagation: Errors from cached tokens propagate
differently due to attention mechanisms. Some tokens cause larger errors
than others, making token selection critical for minimizing quality impact.

(II) Control Ability: Cross-attention weights and entropy are used to avoid caching
Image tokens with strong influence on text tokens (conditions).

(lll) Cache Frequency: Repeatedly cached tokens are deprioritized.

(IV) Uniform Spatial Distribution: Cache scores are adjusted to promote spatially
uniform token caching.

ToCa achieves nearly lossless speedups of 1.51x, 1.93x, and 2.36x, and
2.75x on FLUX, PixArt-a, OpenSora, and DiT-XL models respectively, while
maintaining generation quality.
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